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We have been talking for years now about Al automating jobs. Radiology has been a prime
target, with Geoff Hinton once claiming, “people should stop training radiologists now, it’s
just completely obvious that within five years, deep learning is going to do better than
radiologists”, which is funny since he said that in 2016. There is now more demand for
radiologists than ever, so clearly things did not turn out the way many thought. Here I will
make a prediction that while radiology will change in the coming decade, radiologists will
not be automated away any time soon. I will use radiology as an example but I think these
principles will broadly apply to any field where demand can be elastic and quality can scale
with increased intelligence.

First of all, we have seen in the short history of language models that there is a “jagged edge
of intelligence”, where Al excels at verifiable tasks with a lot of data but is underwhelming
on less common tasks. One thing most Al researchers underestimate about radiology is that
it is actually extremely multi-task. There are at least a hundred conditions that can be
diagnosed from x-rays alone, and thousands using CT and MRI. Al will first master common
and easy-to-see conditions and it will not be as good as experts at less-common diseases just
because there is less data for that. This jagged edge will certainly improve over time but this
means that Al will certainly be used as a triage tool at first, rather than full automation in
one go. I would guess that this process from solid triage tool to full automation would take
3-5 years in the best case scenario, because training Al to get all the edge cases right will be
bottlenecked by data collection of rare diseases, and also because radiology isn’t currently a
focus for frontier labs.

Second, there will be elastic demand for radiology as it gets cheaper per unit. I think
elastic demand (“Jevons paradox”) is the most underrated phenomenon when people think
about Al automation. In software, it is obvious that I have way more demand than before
because Claude Code makes it so easy. These days I ask Claude Code to build a custom
three-thousand line html viewer to help me visualize every little RL run that I do. The same
thing will happen in radiology. If there is essentially no cost or latency of interpreting an
MRI, a physician can order many scans preemptively to better diagnose a case. So with Al
tools, a radiologist might have to read only 20% of inbound scans, but there might be 5x
more scans inbound. Many developing countries have fewer than one radiologist per million
people and they will also want to send a lot of radiology to be interpreted.

Longer term, cheap and fast radiology interpretation will also drive incentives to build cheaper
radiology scanners. If an MRI had essentially no latency for interpretation, medical devices
companies will want to build much cheaper MRI machines that can be used more frequently,
perhaps even in the middle of a surgery. Al will accelerate the development of scanning
technology, too. If a full body MRI was only $100 dollars T would totally want to get one
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every month instead of every two years. I can imagine a world where people get 10 or 100x
the number of scans they do today, largely for preventative care, if radiology were 10-100x
cheaper.

Third, even if we did have a model that could outperform the world’s best radiologists
today, that would not be the end of all work on radiology. Medicine is a field of change.
We may develop new treatment protocols that require reading radiology images in a way
that radiologists currently aren’t used to. New scanners may reveal diseases that we cannot
currently diagnose today with radiology alone. Some radiologists will change their work
from reading scans to doing frontier research to advance our understanding of radiology and
translate new knowledge into updated models.

Moreover, I am sure that we will ask for more out of our AI models than ever before. With
a good flywheel, we may one day train AI models that can use radiology images to predict
disease probabilities far into the future. With good prediction algorithms, cancer may be
detected months earlier than we can detect it now. Society will invest a lot into this research
and this will contribute even more to increased demand for radiology and the best Al around
it.

On top of all of this, the medical system is typically slower to adopt new technology and
has more regulation compared to technology companies. There is legacy infrastructure and
medical centers need to constantly support patients which makes it hard to integrate new
technology. This is even more true in developing countries. Moreover data access tends to be

limited due to HIPAA, deidentification, IRBs, etc. So I think radiologists will be in demand
for a while.

While some worry about radiology being totally automated, I think there is a more exciting
future for radiology than ever before—one where there is more demand and we ask for
more predictive power from our intelligence. This is similar to how many of us feel that
programming will thrive more than ever before despite drastic change in the field. More
generally, any domain where demand can be elastic and quality can scale with increased
intelligence will, like radiology, similarly flourish with the development of AI. This is certainly
a more exciting and nuanced future than what Hinton described in 2016!

(Finally, to be fair to Hinton, he did acknowledge in a recent podcast that he was wrong and
also agrees with the elastic demand argument.)
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